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There's no magic here!

-PeterWolf
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Corpus Linguistics (GE#EEE 2 R):
BRI ! FAEFE S EMIMRT T T !

Some Computational Linguistics (5t E#EE 2 R):
HERMEXREMRE, MEkEZMNETEREX, L ALUEMRE,

- HERIREIR  RAE B R EAF !
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NLTK: natural language toolkit

. >>> from nltk.stem import PorterStemmer
# 3|MiTEpIREs _
from nltk.stem +import PorterStemmer >>> pt = PorterStemmer()
from nltk.stem import LancasterStemmer >>> pt,stem("was”)
from nltk.stem import SnowballStemmer ' '

wa

# #AME >>>
pst = PorterStemmer ()

st = LancasterStemmer ()

snow = SnowballStemmer ('english') //HBERES

# {#H (LAPorter StemmerZffl)
pst.stem('eating')
pst.stem('eats')

# Result
eat
eat

SIC. https://medium.com/pyladies-taiwan/nltk-#] 255 - = -E 2 -wordnet-HIEHEA (R R % - F T{usAEH#E = -4874fb9b167a
ref. https://www.google.com/search?g="NLTK"+ B K :iE E FIE +;£ 12
ref. https://www.google.com/search?g="NLTK"+ BAEE I8 +:1E]



https://medium.com/pyladies-taiwan/nltk-%E5%88%9D%E5%AD%B8%E6%8C%87%E5%8D%97-%E4%B8%89-%E5%9F%BA%E6%96%BC-wordnet-%E7%9A%84%E8%AA%9E%E7%BE%A9%E9%97%9C%E4%BF%82%E8%A1%A8%E7%A4%BA%E6%B3%95-%E4%B8%8A%E4%B8%8B%E4%BD%8D%E8%A9%9E%E7%B5%90%E6%A7%8B%E7%AF%87-4874fb9b167a
https://www.google.com/search?q=%22NLTK%22+%E8%87%AA%E7%84%B6%E8%AA%9E%E8%A8%80%E8%99%95%E7%90%86+%E8%AA%B2%E7%A8%8B
https://www.google.com/search?q=%22NLTK%22+%E8%87%AA%E7%84%B6%E8%AA%9E%E8%A8%80%E8%99%95%E7%90%86+%E9%81%B8%E8%AA%B2
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src. https://blog.droidtown.co/post/740928278876045312/schoolsofisms 6



https://blog.droidtown.co/post/740928278876045312/schoolsofisms

Sparse vs. Continuous
BB vs. EIE

ref. https://www.google.com/search?g=Bf B E 2 +#f



https://www.google.com/search?q=%E9%9B%A2%E6%95%A3%E6%95%B8%E5%AD%B8+%E6%A8%B9
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BTW, do you see an X-bar here?

==

BB Tree Diameter o0

HESEBES—IR tree LEMBBEPRAE » B path(i, j) 5 vertex 1 i j NBEERE - A
A 1 <i<V1l<j<V R max(path(i,j)) DAHERE -

BiEZz—: 9
tree FAVERIERIH root £ AR : £838 root E AL root -

4538 root MR » MIFEFEARFH > BEES root AR IESHAET - MERIT root HIFEEE
BIBHERLAORE » AEtRFEPRERANMME - EIBLEIB root NERREE -

WEE - E 3 root MIERES 2 B) B & LARE -

https://pressbooks.pub/essentialsoflinguistics/chapter/8-3-x-bar-phrase-structure/ hitps://Thackmd.io/@sa072686/cp/%2F%40sa072686%2FBJ _FasdS



https://hackmd.io/@sa072686/cp/%2F%40sa072686%2FBJ_IFasdS
https://pressbooks.pub/essentialsoflinguistics/chapter/8-3-x-bar-phrase-structure/

MOdeling Featu '€S (and pretending it's semantics)

One-Hot Encoding & Word2vector
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RITRIF

1. PR E: BAIGRPEE R BEEEIRR® Chinese Gigaword FIFPRTEERIAR: ASBC PR #iEE » #
28 517015 FFA S - BAIIREMMEIRE > B ANELSH I REBEMT ¢ w2v : word2vec (skip-gram), 300
i, HE2#MATER. (zip, 559MB) Glove : glove, 3004, HE2#ATER. (zip, 544MB)

2. PR BB MEREE | Al XBRARLAE R ETE RS, BIBEDE2 L TmX: Chi-Yen Chen, Wei-Yun
Ma. “Word Embedding Evaluation Datasets and Wikipedia Title Embedding for Chinese”. LREC, May 2018.
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https://www.researchgate.net/publication/332679657 Metaconcepts Isolating Context in Word Embeddings/

A

Queen =

King =

[0.3, 0.9]

[05,0.7]

pan = [0.3, 0.4]
an =[0.5, 0.2]

>

A

Queen = [0.3, 0.9]

King = [0.5, 0.7]

P

%Eé'éﬁf

Woman =[0.3, 0.4]

\Man =[0.5,0.2]

>

The classical king + woman — man = queen example of neural word embeddings, in 2D. It must follow that king -
man = queen — woman, and we can visually see that in the red arrows. There are 4 analogies one can construct,
based on the parallel red arrows and their direction. This is slightly idealized; the vectors need not be so similar
to be the most similar from all word vectors. The similar direction of the red arrows indicates similar relational

meaning.
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https://www.researchgate.net/publication/332679657_Metaconcepts_Isolating_Context_in_Word_Embeddings/
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https://docs.google.com/spreadsheets/d/140J3BcNeteWH40IMY|jtiHsimgGLSAkpwZBHJKyodzIE/edit?usp=sharing
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https://docs.google.com/spreadsheets/d/14OJ3BcNeteWH40lMYjtiHsimgGL5AkpwZBHJKyodzlE/edit?usp=sharing

src.
https://blog.csdn.net/keeppractice/article/details/106177554
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https://blog.csdn.net/keeppractice/article/details/106177554

src.

https://blog.csdn.net/keeppractice/article/details/106177554
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https://blog.csdn.net/keeppractice/article/details/106177554

HFIILE Vector ! (EVTRAR !)

Training data (Corpus)
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@A

16



fREE : p23, p24, p25

O HREER

1. Language as a human behavior: a
complex adaptive usage-based system

2. Cognitive linguistics: Its origin and how
it differs from formal, functional linguistics
3. Grammar and cognition

4. Word order and clause structure

5. Word classes and phrasal structure

6. Major clause types and multi-clausal
constructions

7. Grammaticalization and the gradience of
categories

8. Syntax/morphology interface:
Grammatical relations (subject and object)
9. Syntax/semantic interface: Semantic
relations (agent and patient)

10. Construction Grammar vs. Cognitive
Grammar

11. Conceptual metaphor and conceptual
blending

TRLD ZE—HRERNS

aANGER RBEH ! | |
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Modeling Semantics
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- Prototyping:
- ANEEEENEER, EEMNEE, mAREEINRE ],
- KEHEIERRIE EH— ’%ﬁaéj!
- FFMFIER O LAREIRIE i MR EE,
- HMABEOPLALIRIME MR 4,
- MENGMIEIEt EA—SERE INGEE, EEGRIERET !
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B2 ? FHAME
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RS LME S EHEEE !

RIS EE —AEE, FTLURIRRIE:
- IMNASXRIEBEE

RIS [EE —AIEE,
fRbEEEH—ENE? |
- WwEEEk/NAXE
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B — SR BAMTEE?

RO : REE— B LR TR T . B LR TR, RS
IR BB EERE 1,

[RELF—H MBI

AxAy. ON(BP_MACHINE(x), TABLE(y))"

(NS RAEERBRS )

AxAy. ACQUIRE(HEXOGEN(x), MING(y))®-teday

F2E%E, RFAEMNEE/R , MEEFAMESREEMERT | BRD0E
ZAEMSIT ' RAMRIEE TERERKX ST,
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HER — 5 AR H I 2

[[BIXERRES W%/MA ]
AxAy. 2222(HEXOGEN(x), MING(y))*-????
RAREMNBHE/NE , FTEETFAMERRERAEEF

BE, RMEZSHEENE] ! RAMIEANESERAREEREN,

e iU ERA EERE (R AENIER Z2EE/)
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MMIT DISCOVER LAKEMHOUSE DATA + Al SumMI

On Large Language Models for Understanding Human Language Christopher Manning 0o »

SUMMI R LAKEX £ ATA +« Al SUMM] ol OVER LAXEHOUSE DATA + Al SUMMIT DISCOVER AXEHOUSE DATA + Al

Most of Natural Language Understanding 1967‘t2017 !

How many red cars in Palo Alto does Kathy like?

S Axcar(x) A dn’ (paloalto) (x) A red’ (x) A like(x)(kathy)

NP{wh] : AV Ax.car(x) A in’ (paloalto) (x red’ (x Vix Aux S:Azlike(z) (kathy)
S/NP : like(z) (kathy)
Det : APAV, | Ax.P(x) A Vix N' i Ax.car(x) A In’ (paloalto) (x) A red’(x does
NP : kathy VP/NP, : like(z
How.many N Ax.(car(x) A red’(x)) PP AP AX(P(Xx) A In' (paloalto) (x))
Kathy V:like NP/NP
Adj AP (Ax.P(x) ared’(x)) N:icar P:AYAPAX(P(x) AIn'(y)(x)) NP:paloalto

like
red N:car in Palo Alto

cars

select count(*) from Likes,Cars,Locations,Reds where Cars.obj =
Likes.liked AND Likes.liker = ‘Kathy’ AND Red.obj = Likes.liked AND

DATA+A| Locations.place = ‘Palo Alto’ AND Locations.obj = Likes.liked

SﬁyMMlTigO2g Zenith: symbolic ML “semantic parsing": Zettlemoyer & Collins 2005; Artzi

ORGANIZED BY ¢ databricks

SUMMIT DISCOVER LAKEHOUSE ATA + AT SUMMIT VER LAKEHOUSE MATA + AT SUMMITY DISCOVER LAXEHOUSE DATA + Al MMIT ISCOVER LAKEMOUSE ATA « Al SU

P Pl ) 232/16:28 https://www.youtube.com/watch?v=YfXc40BDmnM @0 B £ 3:



R RS IR ? RER/IEE, Mt EREE

Kt
e

How many red cars in Palo Alto does Kathy like?
S Axcar(x) A’ (paloalto) (x) A red’ (x) ~ like(x) (kathy)

————

NP{wh] : AV. | Ax.car(x) A in’ (paloalto) (x) A red’(x) A Vix) Aux S : Azlike(z) (kathy)
‘ S/NP : like(z) (kathy)
Det : APAV, | Ax.P(x) A Vix) | N Ax.car(x) A In’ (paloalto) (x) A red’(x) does
NP : kathy VP/NP, :like(z)
How.many N Ax.(car(x) Ared’(x)) PPAPAX(P(X) A n' (paloalto)(x)) |

Kathy  V:like NP/NP, :
AdJ AP (Ax.Pix) ared’(x)) N :car P:AyAPAX(P(x)AiIn'(y)(x)) NP:paloalto

like ¢
red N :car in Palo Alto

cars
select count(*) from Likes,Cars,Locations,Reds where Cars.obj

Likes.liked AND Likes.liker = ‘Kathy’ AND Red.obj = Likes.liked AND
Locations.place = ‘Palo Alto’ AND Locations.obj = Likes.liked

Zenith: symbolic ML “semantic parsing"”: Zettlemoyer & Collins 2005; Artzi & Zettlemoyer 2013; Liang, Jordan & Klein 2013
29




Modeling Features

- Word2Vector:
- REE—EIF/FFINEIRERZR
- FAREEZEIXRERHFEEFHIEERME
- RIEZ..THI#Z], FTUEFEEEAINEEE

Modeling Semantics

- Semantics:
- HHEE—EIERE (Entity)l 2EIE %
- FARIIRFEEIN, RE—XRMITT (FTUFREFEEXREHE)
- AIEFEEREE !
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>
o

Step hamburger me step, a by stack how teach to

® BB

Sure! Here's a step-by-step guide on how to stack a hamburger:

Ingredients:
« Hamburger Buns: 1 set (top and bottom)
« Hamburger Patty: 1 (beef, turkey, veggie, or your preferred type)
¢ Cheese Slice (Optional): 1 slice (cheddar, American, etc.)
o Lettuce Leaf: 1 large leaf or several smaller ones
« Tomato Slices: 2-3 slices
« Onion Slices: 2-3 rings (red or white onion)
¢ Pickle Slices (Optional): 2-3 slices

¢ Condiments: Ketchup, mustard, mayonnaise, or your favorites

httos://cgatg pt.com/share/66e3ab51-b2a8-800e-8d5e-156018387dbd,

Equipment:


https://chatgpt.com/share/66e3ab51-b2a8-800e-8d5e-156018387dbd

BRRAT
Word2VecHs MRS : SE4EHI% (CBOW) FISkip-Gram, CBOWRERERIMER LT3, Tiskin-GramERHER, EREALTXH
ERER,

Skip-GramiZ &
Skip-GramiR 2 g B IR R R AN TE BIFARRME T L T XGERLIREER, AR TENBIREE:

SR I 7
ERHAURRBATHED 1

T
Li=ic Z Z log p(wyj |w; )

T
SEAAE SR 2 Fz>—h«ﬁfww SR log?
BRAIE, M log U AEM R A/ EER, RARD, BMTEE ...
Hep, TEXFHNOAFEY, cBETXAN, w2888, we; 2ETEF p(wej |w; )BEEFERsoftmaxR BT :

exp(v), T 0w, ) HR exp() XABER, FE&#0 2
8T — (A - EEEE 2 FP(wowz) — W exls('b" T ) A THE{0, 1} BR0~1 #Y/NEX
EREAN Y % b

ATREIEFEN.
B8, v, fv),, HRRBAFw, NEEHFw. NARET, WEIERHA/N,
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Think again! Takeaway!

—
o

© & N O Ok D=

_n%%H_r_ x P A*Erigﬁﬁﬂnn = E’]ﬁrﬂo
EE AR EREERR?

RI=ERRAEERIIBHAES SE@AER? MU KREESEE |EFIES

ANEEEERZ FENER?
Prototyping (R &) / B&{EIEHR AE ?
AEBTEENEGERRERER?
AR R RMIMER S L &2
mEEBHMRHINHR AL E2

There is no magic!

NEERIR BN T A ?
AR R RO HEIR 7Tk 2
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